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Article Info Abstract 

Purpose –This study investigates the factors influencing 

customers' decisions to adopt the Medbiz Pharmaceutical B2B 

Commerce platform as an enabler in the pharma integrated supply 

chain. It uses technology, organization, environment (TOE)  as its 

framework. The factors examined include relative advantage, 

compatibility, complexity, IT readiness, top management support, 

competitive pressure, business partner pressure, and external 

support. The findings are expected to provide insights for Medbiz 

stakeholders to develop strategies that enhance user acceptance and 

adoption of the platform.  

Methodology – A quantitative approach was employed to identify 

the critical drivers of Medbiz adoption. A cross-sectional survey of 

372 respondents, consisting of pharmaceutical outlet 

representatives, was conducted using random sampling. Data was 

collected through a structured questionnaire based on a 4-point 

Likert scale.  

Findings – The result shows that relative advantage, compatibility, 

competitive pressure and external support have a positive, 

significant impact on Medbiz adoption, while complexity has a 

negative, significant effect. Conversely, IT readiness, top 

management support, and business partner pressure show negative, 

insignificant effects, leading to hypothesis rejection. 

Originality – Studies related to the pharma B2B commerce 

adoption model in organizations are very limited, especially in 

Indonesia. 
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1. Introduction 

Following the COVID-19 pandemic, pharmaceutical companies strive to maintain strong 

performance amid rapid industry growth. Beyond financial gains, they are placing greater 

emphasis on social responsibility and environmental sustainability. Leading firms strengthen 

supply chain management to ensure long-term competitiveness and sustainable operations. As 

healthcare demand rises, efficient supply chain management will be vital for market growth and 

corporate innovation (Ma et al., 2023). Traditionally, manual processes in stock management, 

ordering, and transaction handling have led to errors and inefficiencies(Fagasta et al., 2017). 

Business-to-Business (B2B) commerce aims to address persistent operational challenges such as 
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supply chain uncertainties, delays in transaction processes, and limited supply chain visibility 

(Chatra, 2023). 

As a result of these supply chain challenges, B2B commerce has experienced significant 

growth in recent years, with the COVID-19 pandemic further accelerating this trend (Freddy, 

2022). Surveys by Gavin et al. (2020) revealed that over 90% of B2B transactions shifted to online 

platforms during the pandemic as businesses sought to maintain operations through digital 

channels. Furthermore, Gartner projects that 75% of B2B procurement will be conducted online, 

with B2B commerce contributing to 40% of the global online retail market within the next five 

years, with Asia leading this growth. To address these challenges and capitalize on emerging 

opportunities, Bio Farma, an Indonesian state-owned pharmaceutical company, introduced 

Medbiz (Medicine Distribution Business Zone), a B2B commerce platform B2B commerce 

platform designed to streamline the procurement of pharmaceutical products and medical devices 

(IGM, 2023).  

Medbiz simplify the procurement process for pharmaceuticals, medical devices, and other 

needs through a single online platform that connects business owners with official pharmaceutical 

distributors in Indonesia. With the adoption of the Medbiz B2B Commerce platform, the 

pharmaceutical business paradigm has undergone a significant transformation. The B2B 

procurement process through Medbiz enables seamless integration between distributors and 

customers (retail pharmacies). Automation of ordering and inventory management minimizes 

human error, while real-time access to product information enhances supply chain visibility. 

Additionally, price transparency, convenient payment options, and efficient order tracking are key 

features that offer a significant competitive advantage (Sutrisman & Pangaribuan, 2022). Bio 

Farma claims that this solution can save up to 20% of the time typically spent on sales transactions 

(Andi, 2023).  

Despite its potential benefits, only 30% of registered customers (retail pharmacies) have 

successfully completed transactions, with fewer than 20% doing so independently. As a result, it 

has achieved only 6% of Medbiz's management transaction target for 2024. This situation is a 

concern for Medbiz’s management, who need to identify the underlying causes in order to increase 

the number of active customers and subsequently boost transaction volumes on the platform. The 

ineffective and incomplete adoption of new innovations and technologies can stem from various 

factors, including resistance to change, lack of understanding of benefits, and technical constraints 

(Ito & Ylipaa, 2021). A Medbiz management representative noted that success in implementing 

Medbiz involves not only technological factors but also internal organizational readiness and 

external environmental influences. This perspective aligns with Li (2020), which emphasizes that 

technology adoption decisions are influenced by factors beyond employee acceptance, such as 

business strategy, operational goals, supplier relationships, and competitive environment. To fully 

understand the challenges of implementing Medbiz technology, it is essential to explore the factors 

affecting customer decisions to adopt the platform. Gaining insights into these factors will help 

Medbiz improve the sustainability and effectiveness of its B2B Commerce platform, addressing 

more than just technological issues. 

Several theories can be used to investigate the determinants of technology adoption. Unlike 

other theories such as TRA, TPB, TAM, and UTAUT, which focus on individual perspectives, the 

Technology-Organization-Environment (TOE) Framework developed by Tornatzky et al. (1990) 

emphasizes the contextual factors influencing the adoption of innovations within organizations. 

The TOE model examines the impact of technological, organizational, and environmental factors 

on customer decision-making (Zhu & Kraemer, 2005). It is one of the most widely used theories 

for studying technology adoption. Its validity is based on a holistic approach to innovation 
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adoption, offering flexibility by leveraging key technological, organizational, and environmental 

influences (Nguyen et al., 2022). 

In technological context, numerous studies have examined the relationship between 

technological factors and B2B commerce adoption, focusing on three main factors: relative 

advantage, compatibility, and complexity (Alsaad et al., 2017; Ayawei et al., 2023; Hamad et al., 

2018; Ocloo et al., 2020; Upadhyaya et al., 2017). Relative advantage indicates how much better 

an innovation is perceived compared to existing methods, compatibility assesses its alignment with 

current needs and values, and complexity reflects the perceived difficulty of understanding and 

implementing the innovation. Understanding these factors is crucial for grasping company 

behavior in adopting B2B commerce and achieving success in digital transformation.  

The organizational context, according to Chwelos et al. (2001) and Iacovou et al. (1995), 

assesses an organization's ability to adopt different types of innovations. Two key factors that 

characterize this context, as identified in empirical studies, are IT readiness and support from top 

management (Alsaad et al., 2017; Ocloo et al., 2020; Van Huy et al., 2012). In environment 

context, companies often encounter external pressures to adopt B2B commerce from various 

stakeholders, including suppliers, customers, competitors, and consultants. These pressures can 

manifest as force, threats, persuasion, or invitations (Sila, 2013). Research by Iacovou et al. (1995) 

indicates that such pressures from the business environment, including demands from partners and 

industry competition, can either facilitate or hinder technology adoption within organizations. 

Furthermore, changes in industry regulations are recognized as an environmental factor that can 

impact technology adoption strategies. 

 

1.1.   Relative Advantage and Medbiz Adoption Decision 

Relative advantage, as defined by Rogers (1995), indicates how quickly an innovation is 

perceived as superior to the idea it replaces, based on aspects such as economic benefits, social 

prestige, convenience, or satisfaction. A higher perceived relative advantage leads to faster 

adoption rates, highlighting its critical role in influencing the acceptance of innovative 

technologies (Iacovou et al., 1995). Empirical studies confirm that relative advantage significantly 

impacts technology adoption decisions, especially in B2B commerce (Ghobakhloo et al., 2011; 

Hamad et al., 2018; Rahayu & Day, 2015). Research by Noviaristanti & Huda (2022) identified 

relative advantage as the key factor in the adoption of the Etapasbar e-marketplace by SMEs in 

Bandung, while Martadikusumah & Indirawati (2023) emphasized its importance in influencing 

business decisions regarding digital platforms. 

H1: Perceived Relative Advantage positively influences the adoption decision of the Medbiz B2B 

Commerce platform 

 

1.2.   Compatibility and Medbiz Adoption Decision 

Compatibility, as defined by Rogers (1995), indicates how quickly an innovation is 

perceived as consistent with the values, past experiences, and needs of potential adopters. 

Innovations that align with existing values and norms are adopted more rapidly than those that do 

not. This principle underscores the significance of an innovation's alignment with user experiences 

and needs, affecting its acceptance level. Empirical studies confirm that compatibility positively 

influences technology adoption decisions (Almunawar et al., 2022; Walker et al., 2016). Therefore, 

the hypothesis can be stated as follows: 

H2: Perceived Compatibility positively influences the adoption decision of the Medbiz B2B 

Commerce platform 
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1.3.   Complexity and Medbiz Adoption Decision 

Complexity, as defined by Rogers (1995), refers to the extent to which an innovation is 

perceived as difficult to understand or use. Innovations that are easy to comprehend are adopted 

more rapidly than those that require users to acquire new skills. Consequently, the greater the 

complexity of an innovation, the more challenging and prolonged the adoption process becomes. 

Evidence supports that complexity negatively influences technology adoption decisions 

(Almunawar et al., 2022). Therefore, the hypothesis can be stated as follows: 

H3: Perceived Complexity negatively influences the adoption decision of the Medbiz B2B 

Commerce platform 

 

1.4.   IT Readiness and Medbiz Adoption Decision 

Technology (IT) readiness , as defined by Parasuraman & Colby (2015), refers to an 

individual's inclination to effectively utilize and adopt technology to achieve objectives. Sila 

(2013) asserts that technology readiness has a positive effect on technology adoption, especially 

in B2B commerce. Furthermore, Molla & Licker (2005) found that business resources—such as 

human, technical, and financial resources—support organizations in adopting e-commerce. This 

is further validated by Oliveira & Martins (2010) and Rahayu & Day (2015), which show that an 

organization's technology readiness significantly influences its decision to adopt e-commerce. 

Thus, the hypothesis can be stated as follows: 

H4: IT Readiness positively affects the adoption decision of the Medbiz B2B Commerce platform 

 

1.5.   Top Management Support and Medbiz Adoption Decision 

Top management support is vital for determining the level of technology adoption in 

organizations, as it reflects the political resources associated with B2B commerce adoption 

(Alsaad et al., 2017). Positive perceptions from top management regarding the usefulness of 

information systems can lead to managerial actions that facilitate system adoption (Liang et al., 

2007). Zheng et al. (2013) and Ocloo et al. (2020) emphasize that top management plays a critical 

role in enhancing internal capabilities and leveraging available resources for technology adoption 

decisions. Sudrajad et al. (2023) highlight that strategic alignment and top management support 

significantly influence e-business implementation. Additionally, Marei et al. (2023) include top 

management support as a supportive factor for technology adoption within the organizational 

context. Thus, the hypothesis can be stated as follows: 

H5: Top Management Support positively affects the adoption decision of the Medbiz B2B 

Commerce platform 

 

1.6.   Competitive Pressure and  Medbiz Adoption Decision 

Competitive pressure is defined as the degree of pressure a company experiences from its 

industry competitors (Zhu & Kraemer, 2005). In highly competitive environments, companies are 

more inclined to adopt B2B commerce to secure a competitive edge over their rivals (Alsaad et 

al., 2017). Wahyuningtyas et al. (2023) note that adopting technologies like online systems to 

respond to competitive pressure exemplifies how technological advancements and customer 

demands have transformed the landscape of global business competition. Thus, the hypothesis can 

be stated as follows: 

H6: Competitive Pressure positively affects the adoption decision of the Medbiz B2B Commerce 

platform 
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1.7.   Business Partner Pressure and  Medbiz Adoption Decision 

Business partner pressure describes the influence and pressure a company experiences from 

its suppliers and customers to adopt B2B commerce technology (Mohtaramzadeh et al., 2018; Sila, 

2013). Research by Hamad et al. (2018) and Lip-Sam & Hock-Eam (2011) shows that successful 

B2B commerce adoption relies on partners' readiness to adopt technology collaboratively in their 

business operations. This pressure is a crucial factor affecting e-commerce adoption among SMEs 

(Al-Qirim, 2007). Studies by Ghobakhloo et al. (2011) and Sila (2013) confirm that coercive and 

normative pressures from suppliers, business partners, and customers influence B2B commerce 

adoption. Furthermore, Salimon et al. (2023) indicate that the implementation of m-commerce is 

influenced by business partner pressure. Thus, the hypothesis can be stated as follows: 

H7: Business Partner Pressure positively affects the adoption decision of the Medbiz B2B 

Commerce platform 

 

1.8.   External Support and  Medbiz Adoption Decision 

SMEs typically face limited resources, including financial constraints and IT skills. 

Government support through protective policies and regulations, safe internet usage for 

transactions, and incentives for adopting e-procurement is essential (Zhu & Kraemer, 2005). 

Studies by Van Huy et al. (2012) and Hussain et al. (2020) confirm that robust government 

regulations regarding e-commerce significantly impact the adoption of e-commerce technology. 

Moreover, Maroufkhani et al. (2020) said that CEOs of SMEs are more likely to adopt information 

systems when they see that IS service providers can meet their needs. Providing training and 

technical support from BDA service providers can help address managers' concerns about 

insufficient technical skills. Thus, the hypothesis can be stated as follows:  

H8: External Support positively affects the adoption decision of the Medbiz B2B Commerce 

platform 

                                           
Figure 1. Research Framework 
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2. Research Methods 

This research is classified as descriptive, aiming to describe phenomena related to the 

adoption of Medbiz B2B Commerce and to explore relationships between identified variables 

based on the TOE framework, which includes Relative Advantage, Compatibility, Complexity, IT 

Readiness, Top Management Support, Competitive Pressure, Business Partner Pressure, and 

External Support. Utilizing a deductive approach, the study assesses hypotheses against observed 

facts within an established theoretical context (Cooper & Schindler, 2014). Employing a 

quantitative method grounded in the positivist research paradigm, the research investigates a 

specific population through random sampling techniques, focusing on pharmacy retailers and their 

employees who have used Medbiz. The study is cross-sectional, collecting data through 

questionnaires at a single point in time. Then, a path analysis approach was applied to test the 

hypothesized relationships among the variables. 

 The research population size is 10,000, derived from the number of outlets that have 

conducted transactions on Medbiz until December 2023. This study applies a 95% confidence 

level and a 5% margin of error, resulting in a minimum required sample size of 370 samples. 

However, the author used 372 samples to provide a slightly higher degree of accuracy, account for 

potential respondent dropouts or incomplete data. Each respondent represents a single 

representative from each pharmacy outlet. The researcher utilized simple random sampling, to 

ensure equal chances of selection for each population member (Sugiyono, 2013).  The distribution 

of the questionnaire occurred through online methods (google form), providing flexibility and 

accessibility to participants. Data were collected using a structured questionnaire that was divided 

into several sections, each designed to capture a specific construct under investigation. A 4-point 

modified Likert scale was employed to avoid central tendency bias, which can diminish the quality 

of research data (Hertanto, 2017; Malone et al., 2014). The questionnaire was distributed via 

corporate Whatsapp channel (BioCare). 

The research measurement items assess various factors influencing the adoption of Medbiz 

as a B2B commerce platform. Relative Advantage evaluates how Medbiz enhances business 

efficiency, productivity, and operational quality while offering new opportunities. Compatibility  

measures the alignment of Medbiz with an outlet's work style, business model, culture, and 

strategy. Complexity examines the perceived difficulty of implementing Medbiz, requiring high 

focus and effort from employees. IT Readiness assesses the availability of IT resources and skilled 

personnel for Medbiz operations. Top Management Support focuses on leadership involvement, 

including providing instructions, strategies, and performance monitoring for implementation. 

Competitive Pressure gauges the influence of competitors in driving Medbiz adoption. Business 

Partner Pressure evaluates the role of distributors in encouraging adoption for seamless 

transactions. External Support considers the technical support and training provided for Medbiz 

implementation. Finally, Medbiz Adoption reflects the overall belief in its benefits and the 

likelihood of regular usage in business operations. The following table presents the detailed 

research measurement items. 
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Table 1. Research Measurement Items 

Construct Indicator References 

Relative 

Advantage (X1)  

TX11 Using Medbiz makes our business 

processes more efficient. 

(Alsaad et al., 2017) 

 

 

  

TX12 The implementation of Medbiz speeds up 

the completion of tasks. 

TX13 The implementation of Medbiz improves 

our operational quality. 

TX14 The implementation of Medbiz offers 

new opportunities. 

TX15 The implementation of Medbiz increases 

business productivity. 

Compatibility 

(X2)  

TX21 The implementation of Medbiz aligns 

with our outlet/store work style. 

(Alsaad et al., 2017) 

 

 

  

TX22 The implementation of Medbiz fits our 

current business operation model. 

TX23 The implementation of Medbiz is in 

accordance with our culture and values. 

TX24 The implementation of Medbiz is aligned 

with our outlet business strategy. 

Complexity (X3) TX31 The implementation of Medbiz requires 

high focus and attention. 

(Alsaad et al., 2017) 

 

 

 

TX32 The implementation of Medbiz is 

difficult to apply in our business 

operations. 

TX33 The implementation of Medbiz is 

challenging for our employees. 

IT Readiness (X4) OX41 We have sufficient IT resources (mobile 

phones/tablets/laptops) for the 

implementation of Medbiz. 

(Ocloo et al., 2020) 

OX42 We have skilled personnel to operate 

Medbiz. 

Top Management 

Support (X5) 

OX51 Outlet/store leaders provide clear 

instructions regarding the 

implementation of Medbiz. 

(Alsaad et al., 2017) 

 

  
OX52 Store/outlet leaders communicate the 

strategy for implementing Medbiz. 

OX53 Store/outlet leaders convey targets and 

standards to monitor the implementation 

of Medbiz. 

Competitive 

Pressure (X6) 

EX61 I believe that the implementation of 

Medbiz can impact competition in the 

pharmaceutical industry. 

(Alsaad et al., 2017) 

 

  
EX62 Our store/outlet is prompted by 

competitors to implement Medbiz or 

similar applications. 

EX63 Some competitors have already 

implemented Medbiz or similar 

applications. 

Business Partner 

Pressure (X7) 

EX71 Distributors encourage us to implement 

Medbiz. 

(Ghobakhloo et al., 2011) 
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Construct Indicator References 

EX72 Distributors ask us to implement Medbiz 

in order to conduct transactions with 

them. 

(Ocloo et al., 2020) 

External Support 

(X8) 

EX81 We receive good technical support for 

the implementation of Medbiz. 

(Ghobakhloo et al., 2011) 

EX82 We receive adequate training to 

implement Medbiz. 

Medbiz Adoption 

(Y) 

EY1 I believe that the implementation of 

Medbiz will be beneficial for the 

company. 

(bin Illyas Tan & bt 

Ibrahim, 2010; Cheng & 

Yue, 2006; Gong & Kan, 

2013) EY2 I believe that the company will use 

Medbiz regularly in its operational 

activities. 

Source: processed data 

 

The analysis utilized Structural Equation Modelling (SEM) as a multivariate analysis 

technique, specifically Partial Least Squares Path Modeling (PLS-SEM), to accommodate smaller 

samples and various measurement scales (Ghozali & Latan, 2015; Hamid & Anwar, 2019). The 

evaluation criteria for the outer model include convergent validity, assessed by a loading factor 

greater than 0.60, and AVE exceeding 0.50; discriminant validity, determined by the square root 

of AVE being higher than the correlations among latent constructs; and reliability, measured 

through composite reliability and Cronbach’s alpha, both exceeding 0.70.  This research was 

conducted in accordance with ethical principles. Prior to participation, all respondents were fully 

informed about the study’s objectives and given the opportunity to provide their consent 

voluntarily. They were assured that their responses would remain anonymous and confidential, 

with no personally identifiable information being collected. The study strictly followed ethical 

guidelines to uphold participants’ rights to privacy and confidentiality throughout the research 

process. 

 

3. Results and Discussions 

The following section presents the respondents' profiles for this study. It includes key 

demographic and organizational characteristics such as gender, age, job position, department, and 

transaction frequency. These variables help contextualize the analysis by illustrating the 

background of Medbiz platform users.  

Table 2. Respondent Profile 

Characteristics Quality Percentage 

Gender   

Male  97 26 

Female 275 74 

Age   

< 30 y.o 117 31 

30 – 39 y.o 174 47 

30 – 49 y.o 60 16 

> 50 y.o 21 6 

Position   

Pharmacy assistant 19 5 

Purchasing 20 5 
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Characteristics Quality Percentage 

Business owner 98 26 

Person in charge 40 11 

Staff 157 42 

Supervisor 38 10 

Work Department   

Administration 60 16 

Logistics 117 31 

Sales 136 37 

Other 59 16 

Number of Transactions   

<10 236 63 

10-30 78 21 

31-50 38 10 

>50 20 5 

                            Source: processed data 

 

Understanding these characteristics is essential for interpreting adoption behavior. The 

profile also supports the relevance and representativeness of the sample. Detailed results are 

outlined in the corresponding Table 1. The data indicates that most respondents are female (74%) 

and aged between 30 and 39 (47%). Regarding position, the largest group consists of staff (42%), 

while the majority work in the sales department (37%). Additionally, most respondents have fewer 

than 10 transactions (63%). 

 

3.1.   Outer Model Test 

The first step in conducting data analysis techniques involves assessing the outer model. 

This stage is carried out by evaluating the data based on three criteria: convergent validity, 

discriminant validity, and reliability testing (Hamid & Anwar, 2019). The first test output, the 

discriminant validity is observed to be inadequate due to two main reasons: first, the indicators in 

construct Compatibility (X2) which are TX22, TX23, and TX24, exhibit higher cross-loading values 

on another construct Top Management Support (X5) compared to their own construct 

Compatibility (X2). Second, the diagonal values (square root of AVE) of several constructs are 

smaller than the correlation values among other constructs, specifically between Compatibility 

(X2) and Top Management Support (X5). Based on the VIF values, it is evident that TX22 and TX23 

are categorized as problematic indicators, as they have VIF values exceeding 10, which falls into 

the category of critical multicollinearity (Hair et al., 2019). 

 

Table 3. VIF Value of TX22 TX23 TX24 

Indicator VIF Value 

 TX22  25.065.209.343.320.300.000 

 TX23  25.065.209.343.320.300.000 

 TX24  3,669 

                                   Source: processed data 

 

Therefore, those indicators were removed from the model to address validity and 

multicollinearity concerns. Their exclusion enhances the precision and reliability of the 

measurement constructs. The following section presents the results of the outer model calculations 
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after the removal. This refinement ensures that only valid and stable indicators are retained. As a 

result, the measurement model becomes more robust. These improvements lay the groundwork for 

accurate structural analysis. 

The AVE values of all constructs are 0.5 or higher, indicating that the constructs have 

acceptable convergent validity. This means that each construct can explain at least 50% of the 

variance in its indicators, which aligns with the commonly accepted threshold in structural 

equation modeling. A high AVE value supports the notion that the indicators correlate well with 

their respective latent variables and collectively represent the underlying construct effectively. 

 

 

Figure 1. Outer Model 

 

Further assessment of convergent validity was carried out using outer loading values, 

following the removal of indicators TX22 and TX23. Outer loading reflects the correlation between 

each observed indicator (manifest variable) and its latent construct. A high outer loading value 

typically above 0.7 indicates that an indicator reliably represents the construct it is intended to 

measure. This step ensures that only indicators with strong contributions to the construct are 

retained, thereby enhancing the validity and reliability of the measurement model. 
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Table 4. Average Variance Extracted (AVE) Value 

Construct 
Average Variance Extracted 

(AVE) 
Threshold Result 

Relative advantage (X1) 0.893 0.5 Valid 

Compatibility (X2) 0.924 0.5 Valid 

Complexity (X3) 0.804 0.5 Valid 

IT Readiness (X4) 0.871 0.5 Valid 

Top management support (X5) 0.920 0.5 Valid 

Competitive pressure (X6) 0.828 0.5 Valid 

Business partner pressure (X7) 0.969 0.5 Valid 

External support (X8) 0.900 0.5 Valid 

Medbiz adoption (Y) 0.854 0.5 Valid 

Source: processed data 

 

Table 5. Loading Factor (Outer Loading) Value 

Construct Indicator Outer Loading Threshold Result 

Relative advantage (X1) TX11 0.887 0.6 Reliable 

TX12 0.950 0.6 Reliable 

TX13 0.891 0.6 Reliable 

TX14 0.984 0.6 Reliable 

TX15 0.985 0.6 Reliable 

Compatibility (X2) TX21 0.947 0.6 Reliable 

TX24 0.950 0.6 Reliable 

Complexity (X3) TX31 0.933 0.6 Reliable 

TX32 0.916 0.6 Reliable 

TX33 0.957 0.6 Reliable 

 IT Readiness (X4) OX41 0,909 0.6 Reliable 

OX42 0.945 0,6 Reliable 

Top management support (X5) OX51 0.977 0.6 Reliable 

OX52 0.956 0.6 Reliable 

OX53 0.906 0.6 Reliable 

Competitive pressure (X6) EX61 0,966 0.6 Reliable 

EX62 0.962 0.6 Reliable 

EX63 0.952 0.6 Reliable 

Business partner pressure (X7) EX71 0.951 0.6 Reliable 

EX72 0.972 0.6 Reliable 

External support (X8) EX81 0,878 0.6 Reliable 

EX82 0.931 0.6 Reliable 

Medbiz adoption (Y) EY1 0.880 0.6 Reliable 

EY2 0.938 0.6 Reliable 

  Source: processed data 

 

The results of the loading factor calculations for each indicator, with values above threshold, 

indicate good convergent validity and a strong correlation between the indicators and the construct. 
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This suggests that each indicator effectively reflects the intended construct. The next stage is to 

test discriminant validity, which is an important aspect to ensure that a construct is distinct and 

unique compared to other constructs within the model. This study employs two methods to assess 

discriminant validity: Cross Loadings and the Fornell-Larcker criterion. The cross-loading test 

examines whether the loading of each indicator is highest on the construct it is intended to measure 

compared to other constructs. Meanwhile, the Fornell-Larcker criterion test is a widely used 

method for assessing discriminant validity based on the comparison between the square root of the 

Average Variance Extracted (AVE) and the correlations among constructs. 

Table 6 shows results of the cross-loading calculations. after trimming the indicators TX22 

and TX23. which is demonstrate good discriminant validity. This is evidenced by each indicator 

from their respective constructs having the highest loading on their own construct compared to 

other constructs. Following is the result of Fornell-Larcker criterion test.  

 

Table 6. Discriminant Validity Test (Cross-Loading) 

Indicator X1 X2 X3 X4 X5 X6 X7 X8 Y 

TX11 0.938 0.814 0.051 0.509 0.655 0.664 0.917 0.770 0.624 

TX12 0.906 0.869 0.054 0.515 0.735 0.727 0.874 0.872 0.640 

TX13 0.966 0.856 -0.064 0.397 0.692 0.663 0.830 0.817 0.682 

TX14 0.962 0.811 -0.154 0.393 0.792 0.775 0.729 0.794 0.754 

TX15 0.952 0.797 -0.159 0.387 0.787 0.769 0.712 0.781 0.747 

TX21 0.806 0.951 -0.179 0.551 0.916 0.715 0.802 0.859 0.595 

TX24 0.872 0.972 -0.076 0.439 0.823 0.826 0.847 0.920 0.779 

TX31 0.057 0.036 0.878 -0.508 -0.037 -0.292 0.092 -0.021 -0.391 

TX32 -0.122 -0.212 0.931 -0.484 -0.307 -0.338 -0.043 -0.143 -0.377 

TX33 -0.117 -0.169 0.880 -0.198 -0.207 -0.235 -0.052 -0.181 -0.352 

OX41 0.492 0.482 -0.348 0.957 0.546 0.727 0.564 0.452 0.641 

OX42 0.346 0.464 -0.527 0.909 0.452 0.499 0.432 0.411 0.445 

OX51 0.799 0.888 -0.106 0.538 0.945 0.848 0.745 0.857 0.691 

OX52 0.719 0.870 -0.266 0.523 0.977 0.781 0.632 0.720 0.612 

OX53 0.712 0.816 -0.221 0.493 0.956 0.764 0.620 0.681 0.599 

EX61 0.720 0.692 -0.285 0.813 0.668 0.887 0.810 0.706 0.832 

EX62 0.710 0.793 -0.363 0.655 0.772 0.950 0.655 0.791 0.881 

EX63 0.653 0.718 -0.224 0.352 0.847 0.891 0.519 0.710 0.757 

EX71 0.831 0.836 -0.004 0.534 0.682 0.703 0.984 0.860 0.647 

EX72 0.847 0.856 0.006 0.537 0.692 0.734 0.985 0.813 0.682 

EX81 0.820 0.876 -0.054 0.531 0.731 0.778 0.892 0.947 0.727 

EX82 0.797 0.884 -0.182 0.352 0.767 0.759 0.721 0.950 0.749 

EY1 0.756 0.746 -0.446 0.696 0.719 0.909 0.715 0.769 0.933 

EY2 0.591 0.590 -0.319 0.394 0.496 0.762 0.523 0.665 0.916 

     Source: Processed data 

 

The square root of the AVE for each construct exceeds its correlations with other constructs, 

confirming discriminant validity. This suggests that each construct is empirically distinct and 

measures unique aspects of the model. It also indicates that the constructs explain more variance 

in their indicators than in others. Establishing discriminant validity is critical to avoid 

multicollinearity and conceptual overlap. These findings strengthen the credibility of the 

measurement model. Overall, the results meet the recommended validity standards. 
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Table 7. Discriminant Validity Test (Fornell-Larcker) 

Construct X1 X2 X3 X4 X5 X6 X7 X8 Y 

X1 0.945         

X2 0.876 0.961        

X3 -0.065 -0.125 0.897       

X4 0.461 0.506 -0.449 0.933      

X5 0.778 0.896 -0.202 0.541 0.959     

X6 0.764 0.808 -0.323 0.676 0.834 0.910    

X7 0.853 0.860 0.001 0.544 0.698 0.730 0.984   

X8 0.852 0.928 -0.126 0.464 0.790 0.810 0.849 0.948  

Y 0.733 0.727 -0.417 0.598 0.664 0.908 0.675 0.778 0.924 

Source: processed data 

 

Table 8. Reliability Test 

Construct Cronbanch Alpha 

Dijkstra-

Henseler’s 

(rho_a) 

Composite 

Reliability 

(rho_c) 

 

Threshold Result 

Relative advantage (X1) 0.97 0.975 0.977 0.7 Reliable 

Compatibility (X2) 0.919 0.969 0.961 0.7 Reliable 

Complexity (X3) 0.878 0.88 0.925 0.7 Reliable 

IT Readiness (X4) 0.857 0.94 0.931 0.7 Reliable 

Top management support (X5) 0.957 0.962 0.972 0.7 Reliable 

Competitive pressure (X6) 0.896 0.902 0.935 0.7 Reliable 

Business partner pressure (X7) 0.968 0.97 0.984 0.7 Reliable 

External support (X8) 0.888 0.889 0.947 0.7 Reliable 

Medbiz adoption (Y) 0.83 0.837 0.921 0.7 Reliable 

  Source : Processed data 

 

The reliability test results indicate excellent outcomes across the three metrics (Cronbach’s 

Alpha, rho_A, and composite reliability). All constructs demonstrate strong internal consistency, 

with values significantly exceeding the recommended thresholds. The tested constructs can be 

considered reliable and are ready for further analysis, indicating that the indicators are consistent 

and accurately reflect the constructs. 

 

3.2.   Inner Model Test 

The initial step in evaluating the inner model involves performing the R-Square (Coefficient 

of Determination) test, which assesses how much of the variance in the dependent variable (in this 

instance, Medbiz Adoption) can be accounted for by the independent variables within the model. 

R-Square values range from 0 to 1, where a higher value signifies a better fit of the model in 

explaining the variability of the dependent variable. In the context of the inner model, R-Square 

values are categorized as strong (0,75), moderate (0,50), and weak (0,25). The significance of the 

relationships (hypotheses testing) is evaluated using a one-tailed test with a critical value (t-value) 

of 1,64 at a 5% significance level, with path coefficients derived from bootstrapping results using 

PLS. These criteria provide a thorough evaluation of the model's explanatory capability and the 

significance of the relationships among the constructs. 

In the above table, the R-Square value for Medbiz Adoption (Y) is 0.910, indicating that the 

model accounts for 91% of the variance in Medbiz adoption. This suggests that the model has very 
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strong predictive power. The high R-Square value reflects that the independent variables 

effectively explain user behavior toward the platform. Only 9% of the variance is attributed to 

factors outside the model. This level of explanatory strength supports the model’s robustness. It 

confirms the suitability of the selected constructs for predicting adoption. 

 

3.3.   Direct Effect 

The direct effects of Relative Advantage, Compatibility, Competitive Pressure, and External 

Support are positive and statistically significant, indicating a strong influence on Medbiz adoption. 

Complexity has a negative and significant impact, confirming its role as an adoption barrier. In 

contrast, IT Readiness, Top Management Support, and Business Partner Pressure exhibit negative 

and insignificant effects, resulting in hypothesis rejection. These direct relationships are explained 

in detail in the following Table 9. 

 

Table 9. Hypotheses Test 

Path 

Original 

sample 

(O) 

Standard 

deviation 

(STDEV) 

T statistics 

(O/STDEV) 

P 

values 

Critical 

t-value 
Result Conclusion 

Relative advantage 

(X1) => Medbiz 

adoption (Y) 

0.223 0.031 7.163 0.000 > 1.64 
Positive 

significant 
Accepted 

Compatibility (X2) => 

Medbiz adoption (Y) 
0.210 0.069 3.023 0.001 > 1.64 

Positive 

significant 
Accepted 

Complexity (X3) => 

Medbiz Adoption (Y) 
-0.182 0.015 -12.378 0.000 < -1.64 

Negative 

significant 
Accepted 

IT Readiness (X4) => 

Medbiz Adoption (Y) 
-0.062 0.016 -3.956 0.000 > 1.64 

Negative 

insignificant 
Rejected 

Top Management 

Support (X5) => 

Medbiz Adoption (Y) 

-0.545 0.031 -17.406 0.000 > 1.64 
Negative 

insignificant 
Rejected 

Competitive Pressure 

(X6) => Medbiz 

Adoption (Y) 

0.980 0.025 38.494 0.000 > 1.64 
Positive 

significant 
Accepted 

Business Partner 

Pressure (X7) => 

Medbiz Adoption (Y) 

-0.100 0.044 -2.259 0.012 > 1.64 
Negative 

insignificant 
Rejected 

External Support (X8) 

=> Medbiz Adoption 

(Y) 

0.121 0.046 2.614 0.005 > 1.64 
Positive 

significant 
Accepted 

Source: processed data 

 

The result of this study highlights key influences on adopting the Medbiz B2B Commerce 

platform. The study confirms that Perceived Relative Advantage has a significant and positive 

impact on adopting Medbiz. Respondents generally acknowledge the benefits of Medbiz, such as 

real-time stock features, process automation, and improved data integrity, which reduce human 

errors and enhance business productivity. These findings align with Rogers (1995) innovation 

diffusion theory, which states that higher relative advantage accelerates adoption rates. Supporting 

studies by Ghobakhloo et al. (2011), Hamad et al. (2018), Martadikusumah & Indirawati (2023), 

Noviaristanti & Huda (2022), Rahayu & Day (2015) further reinforce the importance of relative 

advantage in B2B commerce adoption. The results indicate a positive and significant relationship 

between Perceived Compatibility and Medbiz adoption. The platform aligns with the existing 

business workflows of pharmacy outlets, supporting their operations, particularly through real-

time stock features. These findings support the hypothesis (H2) and prior studies demonstrating 



Nugraha & Noviaristanti 147 

 

 

the positive influence of compatibility on technology adoption (Almunawar et al., 2022; Walker 

et al., 2016). Ensuring ongoing alignment with business processes through continuous user 

feedback will be crucial for sustaining adoption. 

Conversely, perceived complexity has a negative and significant effect on Medbiz adoption. 

Many respondents perceive Medbiz as difficult to implement due to factors such as slow website 

loading times, captcha requirements, technical payment issues, and a complicated registration 

process. This finding is consistent with theory, which states that greater complexity hinders 

adoption (Rogers, 1995). Addressing these usability issues, such as improving interface design, 

simplifying processes, and enhancing overall user experience, is essential for increasing adoption 

rates. Surprisingly, IT Readiness does not significantly affect Medbiz adoption, contradicting the 

hypothesis (H4) and previous studies (Molla & Licker, 2005; Oliveira & Martins, 2010b; Rahayu 

& Day, 2015). Despite limited IT resources, businesses still adopt Medbiz based on other factors 

such as relative advantage, compatibility, and ease of use. Interviews with the Medbiz team suggest 

that distributors currently provide full technical support, which may reduce the importance of IT 

readiness in adoption decisions.  

The study also found that Top Management Support does not significantly influence Medbiz 

adoption, contradicting prior research (Alsaad et al., 2017; Liang et al., 2007; Marei et al., 2023). 

While senior management may support technology adoption, operational challenges, lack of 

oversight, and resistance from lower-level employees accustomed to traditional systems may 

impede its effectiveness. This finding highlights the need for more inclusive implementation 

strategies that involve all organizational levels. A strong positive relationship was found between 

Competitive Pressure and Medbiz adoption. Companies facing higher competitive pressure are 

more likely to adopt Medbiz to remain competitive, improve efficiency, and avoid losing market 

opportunities. These findings support hypothesis (H6) and align with previous research on 

technology adoption under competitive pressure (Alsaad et al., 2017; Zhu & Kraemer, 2005). 

Promoting case studies showcasing successful Medbiz adoption may further encourage adoption 

among hesitant businesses. 

Contrary to expectations, Business Partner Pressure does not significantly influence Medbiz 

adoption, contradicting the hypothesis (H7) and prior studies (Mohtaramzadeh et al., 2018; Sila, 

2013). Interviews with the Medbiz team suggest that pharmacy retailers have multiple distributor 

options, reducing the influence of any single distributor in enforcing technology adoption. This 

finding implies that B2B platforms may need additional incentives beyond distributor pressure to 

encourage adoption. External Support has a positive and significant impact on Medbiz adoption. 

The availability of training, technical assistance, and user support groups plays a crucial role in 

facilitating adoption. These findings align with the hypothesis (H8) and prior studies emphasizing 

the role of external support in technology adoption (Maroufkhani et al., 2020; Van Huy et al., 

2012; Zhu & Kraemer, 2005). Expanding training programs and enhancing technical support will 

be key strategies for sustaining adoption growth. 

This study makes key contributions to the theoretical understanding of technology adoption 

using the TOE framework, particularly in the context of pharmaceutical B2B commerce in 

Indonesia from a retailer’s perspective. The findings indicate that relative advantage, 

compatibility, competitive pressure, and external support have a positive and significant influence 

on the adoption of Medbiz. Conversely, perceived complexity has a significant negative impact on 

its adoption. Meanwhile in this case, IT readiness, top management support, and business partner 

pressure exhibit negative but insignificant effects. 

The findings of this study have significant practical implications for managers and decision-

makers in Medbiz management, as well as other B2B commerce platform providers in the 
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pharmaceutical industry seeking to enhance adoption rates. To improve the adoption of Medbiz, 

the platform provider should focus on key influencing factors: Relative Advantage, by 

continuously enhancing features that boost productivity and efficiency to ensure sustained usage; 

Compatibility, by maintaining alignment with existing business workflows and actively involving 

users in product development through feedback; Complexity, by reducing barriers such as slow 

loading speeds, complicated registration, and inefficient payment processes, ensuring a more user-

friendly experience; Competitive Pressure, by leveraging case studies and outreach programs to 

demonstrate the strategic benefits of Medbiz and encourage broader adoption; and External 

Support, by expanding training programs to help users operate Medbiz effectively while 

strengthening technical support for long-term adoption. Addressing these factors will not only 

increase adoption rates but also reinforce Medbiz's market position, driving greater efficiency and 

innovation in B2B pharmaceutical commerce. 

 

4.      Conclusions 

The findings of this study highlight the importance of relative advantage, compatibility, 

competitive pressure, and external support in driving Medbiz adoption, while complexity remains 

a barrier that must be addressed. Unexpected findings regarding IT readiness, top management 

support, and business partner pressure suggest that Medbiz adoption is driven more by perceived 

benefits and external market forces rather than internal organizational readiness or mandates. 

Addressing usability concerns and reinforcing Medbiz’s value proposition through case studies 

and enhanced support structures will be critical for increasing adoption rates in the long term.  

However, this study has several methodological limitations. As a cross-sectional study, it captures 

data at a single point in time, limiting insights into changes in adoption behavior over time. The 

reliance on self-reported data may introduce response bias, despite efforts to minimize it through 

a 4-point Likert scale. The study focuses solely on pharmacy retailers and employees, omitting 

perspectives from suppliers, distributors, and policymakers, which may limit generalizability. 

While PLS-SEM is effective for small samples, it has limitations in causal inference, suggesting 

the need for alternative methods like CB-SEM in future research. Moreover, external factors such 

as regulatory changes, economic conditions, and technological advancements were not explicitly 

considered, potentially impacting Medbiz adoption. Additionally, future research should explore 

the financial readiness as a driving factor in light of potential future charging fees for the platform. 

Despite these limitations, this study provides valuable insights and a strong foundation for 

understanding B2B commerce adoption in the pharmaceutical industry. 
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